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01  ABOUT QURIOUX SOLUTIONS 
Qurioux Solutions is a specialist consulting firm focused on collections, hardship, and financial 
assistance transformation across Australia and New Zealand. We work with banks, non-bank 
lenders, telcos, utilities, debt buyers, and government agencies to design, review, and improve 
how organisations support customers experiencing financial stress. 
 
Our work sits at the intersection of regulatory compliance, operational design, and technology 
architecture. We have direct, firsthand experience with how automated decision making (ADM) is 
used, and increasingly misunderstood, in collections and hardship environments in Australia. 
 

Qurioux Solutions submits to the OAIC's consultation on automated decision-making transparency. 
This submission addresses the application of the ADM transparency obligation to collections and 
hardship functions within Australian financial services. Collections and financial hardship are 
domains in which automated systems routinely make, or substantially contribute to, decisions that 
affect individuals' financial circumstances, including decisions about hardship access, treatment 
allocation, contact strategy, and debt resolution pathways. This submission provides collections-
specific responses to the consultation questions and examples drawn from Qurioux's direct 
experience reviewing and designing collections and hardship environments across Australia 

 

02  WHY COLLECTIONS AND HARDSHIP ADM DEMANDS 
SPECIFIC ATTENTION 
The most consequential automated decision-making in Australian financial services 

Collections and hardship functions within financial services organisations now routinely use 
automated or algorithmically-assisted systems to make or inform decisions that directly and 
significantly affect the financial circumstances of individuals. These include: 

• Segmentation algorithms (risk scores or channel effectiveness) that determine which 
customers are contacted, in what priority order, and through which channel 

• Treatment selection systems that determine what hardship solution, deferral, arrangement, 
or restructure options are offered to a customer based on automated analysis of their 
account profile 

• Eligibility decisioning tools that assess whether a customer qualifies for hardship 
assistance, what documentation is required, and whether their application proceeds or is 
declined 

• Contact suppression logic that determines whether a customer's account is protected from 
collections activity, including during hardship assessment periods 

• Risk scoring models that influence the intensity of collections activity applied to an account 
(risk scores, NPV (net present value), ABC(activity based costs), propensity models) 

• Orchestration engines that schedule, sequence, and prioritise outbound contact across 
voice, SMS, email, and digital channels (propensity models, channel optimisation, RTC 
(right time to call)) 

 

Each of these decisions can reasonably be expected to significantly affect an individual's rights 
and interests. A customer whose hardship request is auto-declined or routed to an inadequate 
solution by an automated assessment tool may receive an outcome that does not reflect their 
actual circumstances, or that does not meet the sustainability requirements ASIC expects under 
REP 782. A customer whose hardship application is declined by an automated assessment tool, 
without any human review or clear explanation, may have a harder time understanding or 
challenging that outcome. 
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03  RESPONSES TO CONSULTATION QUESTIONS 
Full question-by-question responses with collections-specific evidence and examples 

Note: This submission responds to the question numbering used in the OAIC's full Automated 
Decision-Making Transparency Obligation Issues Paper, rather than the abbreviated submission 
questions document. 

 

Question 1: Factors for assessing whether a computer program substantially 
facilitates and is directly connected to a decision 

OAIC question: What are the relevant factors to enable an entity to assess whether a computer 
program substantially facilitates and is directly connected to a human decision-maker's decision? 

Our ranking and collections-specific commentary 
Degree of reliance on the ADM system output: Strongly Agree (5/5) 
In collections environments, human agents frequently follow system-generated queues, scripts, 
and treatment recommendations while independently assessing for significant unexpected 
variation. A collector working through an orchestration system queue is, in practice, executing the 
system's decisions rather than making its own unless they observe or within the customer 
engagement uncover a variation to the expected treatment. A hardship trigger word or 
arrangement will change the account segmentation and strategy. Without new data or customer 
resolutions, the account will follow an automated treatment path with occasional human 
engagements (call work lists). 

Ability and likelihood of human override: Agree (4/5) 
Depending on the proposed solution, override capability exists in most systems but is rarely 
exercised at the volume and frequency that would make it a genuine safeguard. Where override 
requires additional steps, supervisor approval, or documentation that slows the collector's work, 
override rates are typically very low. The existence of a theoretical override does not reduce the 
substantiality of the system's role. For example available solutions, accept/decline proposals, 
treatment – next action. Obviously, this is different if the collector/agent/system has new or 
different data as the treatment/state is reflective of that. A bankruptcy flag will fundamentally 
change the expected automated treatment path.  

Nature of the output, advisory versus determinative: Agree (4/5) 
Outputs that can appear advisory but are presented within a constrained workflow effectively 
become determinative. If a system recommends Solution A and B but not Solution C, and the 
agent has no practical means of selecting Solution C without significant additional process, the 
output is functionally determinative. This can be driven by policy for example hardship solution C is 
not available for investment loans or customers where they have repeatedly failed previous 
arrangements/agreements.  

Transparency and explainability of outputs: Agree (4/5) 
If an agent cannot explain to a customer why they have been assessed as ineligible for hardship, 
or why their account has been placed in a particular treatment path, the system is producing 
decisions that are not explainable at the point of impact. The guiding industry principle is to ensure 
explainability that the solution is fair, reasonable, and consistent. All customers with the same 
score and data attributes should be treated within the same treatment path. Explaining to a 
customer that the scoring methodology has never been required. 

Integration of ADM into decision-making workflow: Agree (4/5) 
Where ADM is embedded in the core operational workflow such that agents cannot process cases 
without interacting with the system's outputs, the system is substantially and directly related to 
every decision made through that workflow. 
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Additional factor 1: Policy rules, SOPs, and delegated authority frameworks 
If the policy itself says follow the system output unless you have specific delegated authority to do 
otherwise, and any override must be tracked and approved, then the policy has effectively made 
the system determinative. 

In collections, policy and Standard Operating Procedures frequently require frontline collectors, not 
loan assessors, not managers, but frontline collectors, to accept system-proposed solutions or 
calculations as the default. The SOP states that the system recommendation should be accepted 
unless an exception applies. Any deviation from the system output requires a controlled deviation 
report, supervisor approval, a specific delegated authority level, or documented exception 
handling. Where this framework exists, the policy has made the system determinative.  

This applies equally to provisioning calculations, treatment-selection outputs, and hardship-solution 
recommendations. If a system calculates a provisioning amount and the collector is expected to 
apply it unless a controlled deviation/exception is raised and approved, the system made the 
provisioning decision. 

Additional factor 2: Straight through processing (STP) 
Where policy and delegation rules permit a decision to be made end-to-end without human 
intervention, the system made the decision regardless of whether a human theoretically could have 
been involved. STP is common in collections for lower-risk or lower-balance accounts and is 
unambiguously in scope for the ADM transparency obligation. 

The human tick box versus human oversight distinction 

Most organisations will say a human is involved in the decision. But if policy or SOP 
says accept the system output unless a controlled deviation is raised and approved, 
the system made the decision. The controlled deviation framework is proof of it. If 
deviation rates from the system suggestion are under 5-10%, that is FYI and 
exception-only catches. It is not genuine oversight. 

 

Questions 2 and 3: Generative AI with human oversight 
OAIC question: Would you consider a generative AI chatbot that summarises candidate profiles and 
provides eligibility recommendations, where humans always make the final decision, to be 
substantially and directly related to making decisions? 

Yes. Where a generative AI tool summarises customer circumstances and recommends eligibility, 
treatment, or escalation outcomes, it is substantially and directly related to the decision if staff 
ordinarily rely on the recommendation without applying independent judgment. 

In the collections and hardship context, the equivalent scenario is an AI tool that summarises a 
customer's account history, arrears position, hardship application, risk score, vulnerability score 
and prior contact history, and recommends whether to approve, decline, restructure, or escalate. 
Where the hardship assessor follows the recommendation without independently reviewing the 
underlying circumstances, the AI tool is substantially and directly related to the hardship decision. 
More interesting is the digital portal to the customer, where there is no internal human intervention 
within the organisation. Just a customer to an AI bot.  

Collections-specific examples of generative AI in scope include: AI tools that summarise customer 
circumstances and recommend hardship solutions; AI scripting tools that recommend what to say 
to a customer and which solution to offer during a live call; AI triage tools that assess hardship 
applications and produce an initial eligibility recommendation; and generative AI chatbots that 
assess customer financial circumstances through a digital portal and present solution options. 

Questions 4, 5 and 6: Rights and interests, vulnerability, and significant services 
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OAIC questions: What factors increase the likelihood that a decision could affect rights or interests? 
What classes of person are vulnerable? What is a significant service or support? 

Question 4: Factors increasing likelihood of affecting rights or interests 
We add five additional factors specific to collections and hardship: 

• Financial stress as a consequence multiplier: for someone already in financial stress, an 
incorrect hardship solution or unsustainable arrangement does not just inconvenience 
them. It accelerates their path to a worse outcome. The harm compounds in a way it would 
not for a customer in good standing. 

• Accelerated debt resolution triggered by system logic: if a model incorrectly scores a 
customer and the system triggers a demand letter or account closure pathway, that is not a 
recoverable situation without significant intervention. 

• Missed customer triggers: if a model fails to flag a customer who should be identified for 
specialist hardship support, vulnerability pathway, or financial counsellor referral, the 
missed trigger is itself an ADM outcome with real consequences. 

• Privacy risk from inferred sensitive data: a model trained on account behaviour might 
effectively identify vulnerability signals such as domestic violence indicators or mental 
health signals, and surface those in ways that create privacy risk. The model is making an 
inference about sensitive personal circumstances that the customer may not have explicitly 
disclosed, and that inference may be wrong. 

• Stale data in segmentation: a customer who disclosed a health condition years ago and has 
since recovered may be routed to specialist pathways they no longer need. A customer 
whose circumstances have changed significantly may be treated based on who they were 
rather than who they are. 

Question 5: Classes of persons considered vulnerable 
Collections customers are often split between those who cannot pay and those who will not pay. 
Not all collections customers are vulnerable. Some are forgetful, have different financial priorities, 
are disputing the debt, or simply do not want to pay. Treating all collection customers as if they 
require specialist vulnerability pathways would be operationally unworkable and would dilute the 
protection available to customers who genuinely need it. 

Vulnerability categories specific to collections and hardship: 

• Mental health conditions: affecting capacity to engage, understand options, or sustain 
arrangements 

• Physical health conditions: including chronic illness, disability, or recovery situations 
affecting income and capacity 

• Domestic violence and financial abuse: including situations where a third party is exercising 
control over the customer's financial decisions 

• Elder abuse: including situations where a customer's financial decisions are being made or 
influenced by others without their full consent 

• Fraud victim: customers whose financial position has been affected by fraud or identity theft 
• Financial stress itself: customers in arrears or seeking hardship assistance are in a 

contextually vulnerable position regardless of other circumstances 
• Underemployment or recent income shock: temporary or structural reduction in income 

creating inability to meet commitments 
• Over-indebtedness: customers managing debt across multiple creditors simultaneously 
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